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Prof. 2fAH3I (Sang Min Park)

Education

Ph.D. 2018 POSTECH (ME)
M.S. 2014 POSTECH (ME)
B.S. 2012 POSTECH (ME)

Experience

2023 - . Associate professor, Pusan National University (ME)
2019 - 2023 : Assistant professor, Pusan National University (ME)
2011 - 2014 : Software Engineer, Femtofab (38, Femtobiomed)

Research Interest

1 integrated MS-PhD students » Advanced fabrication technique

2 PhD students » Al-based design/production system
7 Master students » Applications

5 Undergraduate students - Biomedical / Energy / Environmental

9 Part-time Ph.D./Master students / Electronic applications
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= Hybrid lattice design and thermo-fluid simulation » Performance Evaluation and

Al-Based Optimal Design
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